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Clustering for Local Textures on Stained Images Captured by Wound Blotting Technique
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Abstract: This paper describes that a clustering technique is applied to local textures of the stained image captured by wound blotting.
The wound blotting visualizes the protein distribution of a wound as a stained image. It is considered that the specific local texture of
the stained image may predict would healing. However, manual analysis for various proteins is time-consuming and troublesome. The
clustering technique will assist nursing researcher to discover the new specific pattern of stained image. For the clustering, k-means
method was utilized and the three features were compared; Gray Level Co-occurrence Matrix (GLCM), Wavelet and Local Binary
Pattern (LBP). The result showed that LBP is suitable for clustering of local textures on stained images.
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b) stained image captured
by wound blotting

Fig. 1 Example of Stained Image

a) wound
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Table 1 Result of Clustering

GLCM Wavelet LBP

ARI 0.35 0.25 0.41
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